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Year Date Location Year Date Location
1st | 1983 | 03/30-03/31 Atlantic City 22nd | 2004 | 04/25-04/29 Napa
2nd | 1984 | 03/21-03/22 | Atlantic City 23rd | 2005 | 05/01-05/05 | Palm Springs
3rd | 1985 | 04/01-04/02 Atlantic City 24th | 2006 | 04/30-05/04 Berkeley
4th | 1986 | 03/18-03/19 Atlantic City 25th | 2007 | 05/06-05/10 Berkeley
5th | 1987 | 03/24-03/25 Atlantic City 26th | 2008 | 04/27-05/01 San Diego
6th | 1988 | 03/22-03/23 Atlantic City 27th | 2009 | 05/03-05/07 Santa Cruz
7th | 1989 | 04/11-04/13 Atlantic City 28th | 2010 | 04/19-04/22 Santa Cruz
8th | 1990 | 04/10-04/11 Atlantic City 29th | 2011 | 05/01-05/04 Dana Point
9th | 1991 | 04/16-04/18 Atlantic City 30th | 2012 | 04/23-04/26 Maui
10th | 1992 | 04/07-04/09 Atlantic City 31st | 2013 | 04/29-05/01 Berkeley
11th | 1993 | 04/06-04/08 Atlantic City 32nd | 2014 | 04/14-04/16 Napa
12th | 1994 | 04/25-04/28 Cherry Hill 33rd | 2015 | 04/27-04/29 Napa
13th | 1995 | 04/30-05/03 Princeton 34th | 2016 | 04/24-04/27 Las Vegas
14th | 1996 | 04/28-05/01 Princeton 35th | 2017 | 04/09-04/12 Las Vegas
15th | 1997 | 04/27-04/30 Monterey 36th | 2018 | 04/22-04/26 | San Francisco
16th | 1998 | 04/26-04/30 Monterey 37th | 2019 | 04/23-04/25 Monterey
17th | 1999 | 04/25-04/29 Dana Point 38th | 2020 | 04/27-10 Mo. Virtual
18th | 2000 | 04/30-05/04 Montreal 39th | 2021 | 04/25-04/28 Virtual
19th | 2001 | 04/29-05/03 Los Angeles 40th | 2022 | 04/25-04/27 Virtual

20th | 2002 | 04/28-05/02 Monterey 2003-2006: RS S LEE, 2007-2018: RITEE
21st | 2003 | 04/27-05/01 Napa 2007-2010: 1P Track 2011-2014: Special Sessions
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VTS2022 At-a-Glance

7:00 -

April 25, Monday
pecial Session SS1

Regular Session S1 IP Session IP1

8:00 |Modeling Techniques for est and Reliability Challenges of Biological and|Innovative Analog Circuit
[Test and Yield Optimization |Chemical Sensor Systems esting Technologies
8:00 - Plenary Session
9:00 Opening: Welcome by the Chairs
Keynote: Technology Trends, Opportunity & VTS
9:20 - |Regular Session S2 ISpecial Session SS2 IP Session IP2
10:20 |In-System Test IThe Heterogeneous Integrated Product Testability|[High Speed Scan Fabric
Best-Known Methods: A Practitioner’s Guide to
Building Manufacturable Products with Chiplets
10:20 - [Regular Session S3 ISpecial Session SS3 IP Session IP3
11:20 |Defect Modeling and Test |Deep Dive into Silicon Lifecycle Management: |[Next Generation Test
for New Design Styles - | Challenges and Solutions Standards
11:30 - Keynote
12:10 Keynote 2
12:10 - Special Session
13:00 Tom W Williams Commemoration Session: Scan Evolution and Beyond

7:00 -
8:00

April 26, Tuesday

Regular Session S4 pecial Session SS4 IP Session IP4
Reliability and In-Field [Fault-tolerant Deep Learning: [New Methods for System Level Test of
Monitoring A Hierarchical Perspective Digital Light Processing and Radar VLS| Systems|

—

Year Date Location Year Date Location
14th | 1983 | 10/18-10/20 | Philadelphia 35th | 2004 | 10/24-10/29 Charlotte
15th | 1984 | 10/16-10/18 Philadelphia 36th | 2005 | 11/06-11/11 Austin
16th | 1985 | 11/19-11/21 Philadelphia 37th | 2006 | 10/22-10/27 Santa Clara
17th | 1986 | 09/08-09/11 | Washington 38th | 2007 | 10/21-10/26 Santa Clara
18th | 1987 | 09/01-09/03 Washington 39th | 2008 | 10/26-10/31 Santa Clara
19th | 1988 | 09/12-09/14 | Washington 40th | 2009 | 11/01-11/06 Austin
20th | 1989 | 08/29-08/31 | Washington 41st | 2010 | 10/31-11/05 Austin
21st | 1990 | 09/10-09/14 Washington 42nd | 2011 | 09/18-09/23 Anaheim
22nd | 1991 | 10/26-10/30 Nashville 43rd | 2012 | 11/04-11/09 Anaheim
23rd | 1992 | 09/20-09/24 Baltimore 44th | 2013 | 09/08-09/13 Anaheim
24th | 1993 | 10/17-10/21 Baltimore 45th | 2014 | 10/19-10/24 Seattle
25th | 1994 | 10/02-10/06 | Washington 46th | 2015 | 10/04-10/09 Anaheim
26th | 1995 | 10/21-10/25 | Washington 47th | 2016 | 11/13-11/18 Fort Worth
27th | 1996 | 10/20-10/25 Washington 48th | 2017 | 10/29-11/03 Fort Worth
28th | 1997 | 11/01-11/06 | Washington 49th | 2018 | 10/28-11/02 Phoenix
29th | 1998 | 10/18-10/23 Washington 50th | 2019 | 11/10-11/15 Washington
30th [ 1999 | 10/26-10/31 | Atlantic City 51th [ 2020 | 11/01-11/06 Virtual
31st | 2000 | 10/01-10/06 | Atlantic City 52nd | 2021 | 10/10-10/15 Virtual
32nd | 2001 | 10/28-11/02 Baltimore 53rd | 2022 | 09/26-09/29 Anaheim
33rd | 2002 | 10/06-10/11 Baltimore 2000-2010: FO5SLEE
34th | 2003 | 09/28-10/03 Charlotte 1997-2017:ITC7 7 EE SRS

2000-20011FEIZ & &, 2002-2003(FFE K

8:00
9:00

Keynote

Are Timing Marginalities Due to Process Variations the Cause of Silent Data Corruption?
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VTS2022 At-a-Glance (cont.)

9:20 -

April 26, Tuesday
pecial Session SS5

Regular Session S5 IP Session IP5

10:20 |Secure Hardware Design est of Machine Learning Systems est of 3D ICs and Chiplets
10:20 - Student Activity SA1

11:00 Student Presentations

11:00 - [Regular Session S6 ISpecial Session SS6 IP Session IP6

12:00

ITest Volume Estimation and [Towards Agile Design Methodology for Silent Data Errors

Optimization Efficient, Secure, and Reliable Al Systems

7:00 -

April 27, Wednesday
pecial Session SS7

Regular Session S7 IP Session IP7

8:00 [Exploiting Existing TT-MRAMs: Technology, Reliability, [What's Next for Automotive:
Structures and Data to land Test Challenges here and How to Improve In-
Improve Test Quality Field Test and Enhance SoC Safety

8:00 - Keynote

8:40 Emergent Al - A Journey to Sustainability, Efficiency and Higher Intelligence

8:50 - [Regular Session S8 ISpecial Session SS8 IP Session IP8

9:50 |Analog/RF Test and Enhancing the Reliability of Neural Network [Security in Test and Test of
Calibration Accelerators Security

9:50 - Student Activity SA1

10:30 Student Presentations
10:40 - [Regular Session S9 IP Session IP9 IP Session IP10
11:40 |Defect Modeling and Test  [Silicon Telemetry for Dependability Novel Methods
for New Design Styles - Il forValidation and Test
11:40 - Plenary
12:00 Closing Remarks
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*Y. Zorian (Synopsys): f kLUK, #%, ZLTVTS VTS | VTS | VTS | VTS
VTSIZ40E B - - Bifff FEAEAR L BRGS0 (2FEES) 20221202112020,2013
“F T RE DR (19706 ~ B ) ERRIRAXHEEROESY s o I s

-DRC('70)>P&R, #4314 ('80)> IR A B ('90)>IPA— X ('00)>AIFI A (BI7E) R E DGR R Japan o o 1 1
VTSOEBHE=S<DIE Y E5H, JFAs, WHMH, MR, Rk, BSE BAVILERE 77 L China T
-SRETERRE: BB - -DPPB, FinFETRIIS, HBYREL, 30X, SysMoorextis, ... X, S rIEER ITa('j\{van 22 (3) L
ZL{DF AN EERAE " T EFRI DR otherasa | o o 2 o

-8B Y (DFMRY), BH(SDD), HEH(ARTS), ¥ 2T A(HOST), ... S REERL - OO EHY Franecre 2 T o o 1
VTISDS % : ELI-HM, MBOR, HEOKE, DtklWFER, FiERx 'ATPG/DFTE‘%E]EZ IEHE Germany 4 4 3 0

-K. Kechichian (NXP): & +JLA~BA & * AMS/RFRSE : BREfY Netherland 1| 1] o 1
*3:30AMMLD YL IV THREETEY, /ML BEREL AFYFRM ZOFEEREM Belgium of o 1 o

3D-ICT A : AT BA Greece o 0o 0 0
X TABHE  COFFRED ﬁ:ls;”a (2) (2) 2 g
'él_ﬁtzﬁﬁ Egﬁ gl%%ﬁgggjﬁ Poland 0 0 0 0
S EREEEE RO Canada of 1 o o
FDMDTINA AT A KIFIE Total 27] 27] 31 35
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HEE 9 A SA - KE . /N
HilEE3. 4 IR XL 7 B R
-A. Singh (Auburn U.): FTOERNSDE(ZLBA/IVT RBEETIX - BI[E(VTS2021) B UVEIT < [E] (VTS2020) & D LEER
E‘é?}id)?—@ﬁ&#ﬁd}%b\? VTS2022 VTS2021 VTS2020
AOEMBDTANEDFTD [EIFE : HEEET AM SR F v TR, TAMIRIGE HRE 38% (27/71) | 3a% (27/80) | 34% (31/91)

EVREARMBET RS, CILEET AL - FNTESITARE _?4M/1§%__r% o ool 103 2 o7
REDOTRACD LG : REvUT X (SAF+ TDF+CAT) + SLTAAIV S F R b EhES e ' ' :

- _ T o, EHEETAL 0~ 00 0 ./ 00 0 .~/ 00
TORRIESDERIDF=DICKELI—DUNBE ATPG.” DFT 5 17 0 00 1 13
FNTHRBLIZHBUL-EEER XTI AEEEHY SIEEETSETHEEL 'E 05 VSRR 3~ 10 4 13 > o7

* 70D FEZFE=1022 Trs.[Z1D->10{E D SoC(10° Trs.)[Z1000{E D 7o Trs. /], =3&1/0 RFT- R 1 03 0~ 00 0~ 00

*G. Singer (Intel): FEDAI—FR AT REME, RMERVFHOEIEN DR 5 BDICTRE 0/ 00 1/ 03 1/ 03
VTS'O7 CHEFEE : TANDFTOWRAED L URESED AR - - 25F 5 #IFOMDTNART AL 5 / 17 2 /07 2 / 07
REBEEDILOE - -HM(TILTVR L, TL—LT—5, HW)AREIER %’fl TI\wT S RERE S SERE 5 / 1.7 4 / 13 5 / 17

SRR RE  KIRAEE ML, O/N\RMERIEAM, o< Ui, SELRE LRTLBEEE /SIS 3 /10 7 / 23 7 /2.0
EHERAEEAENNETILORE - MITOMEE N EMEEDR AL IS E*a)T4 2 /07 3 /10 9 /30
BRI ADOE: TREOER, MREEOMARE, FH-LHEFE ... %f_f)ﬂi’ 0 ~ 00 3 710 1703
AIDEF=1ER 2 =T 4T Al 3B DA, < ILFE—FERE (MG 3T+A05) CE 27 /90 | 27 ~ 90 | 34 7110
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ATPG/DFTREHE REDOBIE 7.2

*S6: Test Volume Estimation and Optimization *J. Joe (Purdue U.): i & RIIZEERIL - D EE T ANER

*S7: Exploiting Existing Structures and Data to Improve Test Quality CEREE SERIEMIL - 2<LDIPaTEF AL THEHENEL

*59: In-System Test - ZLOBEPLIZEBNHOND - - HIZTOEYH(CPU, GPU, AIF V)

*IP2: High Speed Scan Fabric REFZ BENBELEEA AL TEEEOT RN ATREE T FI T

*IP10: Novel Methods for Validation and Test E SRR  ECOR AR, VAV WEE, ELla7EE O, HE
-ATPG/DFTERE TIE—fE5 4, E v aibDFEEHY ‘BERIDOTANEAZFEB2OTACNESICAREGRYZE#RL TER

(X AMMIRRFAE) -FEBERTRAR NTVE LT STRAMN =V EHBSBMTANER

+57.2R US9.2[2DLNTHEA ST RTF v T bEIEFAFIFLIE -7 —ME, AR DG ENSEHE

D3 FrEF—ICUTEUEBE MG
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[El3%1 AV BB 1

i FARNNE—Y
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[T | [reen
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ATPG/DFTRS & (cont.) S EOBEES7.2 (cont.)

HHNo. _____Adbl S cial it -EHERER 11O EAEE(1.2~15M7 —M &R
$6.1 IAccurate Estimation of Test Pattern Count; ora _W| e S.-X. Zheng, et al. NCKU, Siemens, S = | =5
Range of EDT Input / Output Channel Configurations , U. lowa -y *?‘\"ﬁ'fﬁ*%ga)ﬁ;ﬁﬂi
S ~ ~ = = 4 —=7
S7.2 |Fast Test Generation for Structurally Similar Circuits . Joe, et al. giuerri:isuv BEDELGLII—UNBRI— DT R Fh\ oS alBE % EERRY (5T
s91 Novel Technique for Manufacturing & In-System Testing of A. Pandev, et al IAmazon, " 1.1M0)1|%IE[:EBL‘—CI{U7“/\/7 ﬁ\%ibmb\;&’éﬁ@m
: Large Scale SoC using Functional Protocol Based High-Speed I/0| ™ \4 ) Synopsys . fﬁﬂéﬁlﬁlﬂ%d)?&%l:*ﬂ'éﬁﬁ’&d)éﬁﬁﬁ
NVIDIA MATHS: Mechanism to Access Test-Data over . = s o .
9.2 |High-Speed Links i lres sl EE SEHTBEORRIEE, L/ \3—UIEFHTI3%EM
On-Die Noise Measurement During Automatic Test ! . ZIEZEL L ZNELELT SINA— AN &9
59.3 Equipment (ATE) Testing and In-System-Test (IST) 5. N. Mozaffari, et al NVIDIA BREREERFUL, RHEHE ELLERT/ BHREEN
IP2.1 |Maximizing Test Bandwidth with Flexible Streaming Fabric E ;’.irl:lgil:r)atla, Synopsys
. . . — 2 T ﬁ T —> *S I 9
IP2.2  [Implementing High-Speed 10 scan on an ATE M. Daub, R. Singhal é\dvantest, EsiE :rcﬂ)lij%o) 1@;)%@%@; - EATFE (1) - TARRE—2 8 AR IS (%)
Addrassing Tost Chall e _ ynopsys VB | U | OB R RER | TOEESEREE #5) (%) TOEE SERR
P23 [oCiessIng est Challenges o oC with Streaming Z. Stanojevic Esperanto dl| 8,611,749 420,708 1,262 7,020 506 13.87] 2,334 2,842 21.76  97.06 97.06
Search Based Tesi G oL <Gl d2 | 3,435,493] 276,462 367 622 99 6.28 1,459 1,565 7279290 92.91
1P10.2 Q.“?”tlun.“ earch Based Test e“erat'onh ortargescale s poy, A. Deb Intel, KIT d3| 4,833,052 334,108 4,218 1,568 123  12.74] 1,408] 1,509  7.17 92.08] 92.08
Digital Circuits: A Rudimentary Approac d4 ] 10,213,281 601469 20,548 9,300 994 _ 9.35 7.424 8,022 _ 8.05 _ 90.85 _ 90.87
d5 | 15,102,044 1,215,337 5461 13,740 1,177 1167 4,544 5,067 115  94.46] 94.47
dé 3,048,599 174,505| 1,151 1,260 128 9.84 2,944 3,198 8.62 91.92 91.92
d7 | 3,519,135 219,280 3,043 5,103 405, 12.6] 5155 5,780 12.12 97.02] 97.03
d8 6,389,260 302,540 2,741 1,777 244 7.28 2,520 2,649| 5.11 90.83] 90.86|
do | 12,167,308 440,540 12,063 6,446 843 7.64 7,168 7,297 179 91.65 91.70
d10| 1,203,568 45,345 1,361 484 26 18.61] 1,811 2,046| 12.97| 88.58| 88.58|
di1] 1,699,509 89,908  5,328] 10,168 459 2215 2,163 2,891 33.65 97.62] 97.71
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Al BB &AI/N—KE85&

- M. Yilmaz (Nvidia) : NVIDIA MATHS - - B 0% BLI=T AT —2~DT I AHE
SoCDIBET AL B REEXR, 2.5D/3D% S CARMEK(TANE 8K F )
SIEI/OENLERF YU EIEADTIEANBE
REFE PCeR—RDERIL—TYLSoCHEET A D 1= D& 1E (MATHS)
-PCleR—ZXDEEAE) T+t X(DMA)- - MATH DMA FEA—S(MDC)
* 2w UI/F(MSI) B TNITAG I/F(IMINE B g
*ARTBTRNT—R(E X2 T4 DU (MSE) TR

Fv7
SEERER

WEZR |  [MATHS DMA
HEPCle avka—5
REvY (MDC)

MATHS JTAG
I/E (M1

P M>>P
ZDDPCLe \ \_/
- - TAYAS S
TAG TAP

TAGEY R¥FvTRAEY

MATASAFTY
I/F (Msl)

MATHS %2174
1YY (MSE)

*S4: Diagnosis and Root Cause Analysis

*S7:New Directions in Diagnosis, Calibration and Fault Modeling

*SS1: Machine Learning for Semiconductor Test and Reliability

*SS4: Machine Learning in Test: A Survey of Analog, Digital, Memory, and RF ICs

Al ABETIE— i3 DEEHY

MBIZAIN—FDTRANAEBEMEICEAT 248Dty ar TOHDEEHY
(BRI ARERAR—)

*S4.2(ZDLNTEEAT
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ZEEDKEE :S9.2 (cont.)

Al FA &A1/ \— K B8 3E (cont.)

*MATHSD | 55
SORTLLRILDTS5YNTA—LTSoCEEIET AR - - aR MBI
PCIAZLELE LD HEAE - - ATE, SIT, T4—ILRTRMD T RTTEVIEHEE
* ATE : E FHODHW/(BOB(Bolt-On-Box)) % - - PCR— X TERTEATEDHEIZETE
BFEOHETANOBEAEFETANMEE)BLFI AR EE
- ATEQ O—FAR—F L7 AT 88
SEEERATELRILOT AR EED R
-5 B8R TIEHI30% R L R YD IEATPG/ S E— N (RFv AL DEIIR)
M DEHIRRDHZE G TIF0% L E  BAEIBLGE IZLBE5H5EEE AT EE

DUT
O—FR—F
T T T T
KI7A/38 ATE PCle RX DUT 71X
— W=l 22550t F28F 0L |0V T
ATE WS :l?_‘/Figa BOB WS
TR j'r:
et SRTLAEY
— : .
5355 | |
BRI Y| Gomss) o
/N
9547k - 2x—)b H—n
T304

FEiENo. BARIL E= R
Machine Learning-Based Overkill Reduction through D. Neethirajan,
541 linter-Test Correlation et al. UT-Dallas, Tl
s4.2 Semi-Supervised Root-Cause Analysis with Co- Training R. Pan, etal. buke U.

for Integrated Systems

$7.3 [Rule Generation for Classifying SLT Failed Parts

H.-C. Hsu, et al. [NYMCTU, Qualcomm

SS4.1 |Discovering Fault-tolerant CNN Model by NAS Z. Gao [Tianjin U.
Fault-tolerant Deep Learning Accelerator Design with .
554.2 Recomputing Mechanism C. Liu ICT/CAS
$54.3 Emerglng Computing Paradigm for Fault-Tolerant Deep S Liu Shanghai T.U.
earning
SS5.1 |[Fault Criticality Assessment in Al Accelerators ét glhauduhurl, Duke U.
$55.2 Effective In-field Testing of Deep Neural Network S. Kundu, et al. [UT-Dallas, Intel

Hardware Accelerators

Towards an Agile Design Methodology for Efficient, IASU, T.U. Wien,

556.1 Reliable, and Secure ML Systems S. Dave, et al. NYU-Abu Dhabi, UPHF
5S8.1 |Resilient Deep Learning Accelerators Y. Li U. Chicago

$S8.2 [Enhancing the Reliability of Quantum Neural Networks  |S. Ghosh Penn. State

$58.3 Hardware and Software based methods towards M. Sadi Auburn U.

Robust-by-Design Deep Learning Accelerators
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*R. Pan (Duke U.): #i &L X T LD HEENEEIC L5 FEHETH YR RIR R EHT
VAT LM OBRENRZE - BARRE OB EE ICHE#E
HEMHYZEFADRE SN FET—ILNKREICHES>—ARICIEERM
REFE HRHIBEHESIFBEMH YRR R REN FE
R —RIVIZSUE LTH L AN EEH
=BT —ADEFITANIAFIFERERDBIFEICEYSNIILGELT—42%EER
BEESERBLTNM/IN—/INSA—FERE

*S5: Secure Hardware Design
*IP8: Security in Test and Test of Security
X TAEETE M3, BEEY A HDOREESHY
(FRX) ARERR—D)
-S5.3[2DULVTHRRAT

S LTHL R Mg

= |
;Av_'XFTf’iff% ;
A SRS I T A0ROBLERED| | [T S0RORLERED
22 BUIUTLEMDREA| | [SUHLTILERDREAR
I IS&YFERISNILAFIF : [SKYERTSAILAF I
T !
N sy FES LRTIoTINE] | [FRS LRI INE
SIS 7’*}1/1?%7'_?%%3[;( ! 7’*)[«1#%7'_§§ﬁﬁb'c
RTFLDYUTIL fm%ﬁalllr‘ﬁi ! fm’éﬁalll.‘ﬁi
SV LTAL AR
Fee RET
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S ] X )T4B8E
= -~ .
s DL : 4.2 (cont.) &) T1B8E (cont.)
) %EﬁéﬂZﬁEEZT%G)NVX:/Z?L\UZ%FHEﬁ?‘?-@é{ﬁﬁﬁ N - 5%;:?:0 Balanced Dual-Mask Proi;il;)rgcheme for GIFT Cipher |, AI'uffriajfl Delft SJTI'];E
" *']Hqi.rHE&TXFT_QI»J:U;X'ﬁ%b\)\qE—C*EZME%7’\)|/1¢('J'(IE&F) "~ |Against Power Attacks Al ’ ) Airbus
HBHR: REAHY L, BEIETREEOLEMHYFik) ss.2 o Finie State Machine Biracion fom Fattened g ey, eral, U. Florda
" §$ﬁﬁﬁi% : ?E%?Jil:J:UﬁE#ﬁ*%fi’éﬁJ:’C%é:tHEEﬁ 5.3 Run-Time Hardware Trojan Detection in Analog and IA. Pavlidis, et al Sorbonne U.,
dEE=EEE- FL = o/ W1[3EF 7= - R "~ |Mixed-Signal ICs ’ ’ ) ST Micro
RET R LY NFEERABUEIRTE D LLHER Mied Sgrallcs ____ _
|pg.1 [ecurity Vulnerabilities and Countermeasures in Scan |~ Qu U. Maryland
IﬁlFo.so‘ P 2 o prTe——— P | Chain
Smoss g 08 x IP8.2 [Challenges in Testing Security B. Tan U. Calgary
sy = = & is 5 n = i n
ﬁow 1 p gg?ﬁ% g%w ¥ ~ gggg’”;)& 1pg.3 [Machine-learning Assisted Test and Correction of SRAM | Mukhopadhyay IIT Kharagpur
" reld © REFE g v REFE PUFs
5 10 15 20 5 10 15 20
FRIAFET —FDLLE(%) FRIAFTET —EDLLE(%)
ik _l‘xl g R | EIFQ_Q ';:Xl‘ e
o7 x s HEHY B, s + HEHY
406 * BEil® w4 « BoilE
o2 t RRFE -06| g * REFE
5 10 15 20 5 10 15 20
FINIAFTET —EDELE(%) FARIAFET —RDLLE(%)
FiE HEmpY | B | REFE FiE LEiHY | B | REFE
WEEIR)LFE o o o WEEFR)LFE o o o
FADLE (%) 14% 12% 8% FADHE (%) 20% 15% 12%
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EEOMIES5.3

*A. Pavlidis (Sorbonne U.): A-MS ICCD E{TE/\—F Oz 7O/ IRE
N—FOzFROA(HT): BEFBROEELF )T EEDL1D
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=S1: Reliability and In-Field Monitoring
=S4: Modeling Techniques for Test and Yield Optimization
*S7: Exploiting Existing Structures and Data to Improve Test Quality

*IP7: What's Next for Automotive: Where and How to Improve In-Field Test and
Enhance SoC Safety

*IP9: Silicon Telemetry for Dependability
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IP7.1 R NP7 2IZ DN TR BB
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B & ICEHE (cont.)
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513 A New Method to Generate Software Test Libraries for |I.-D. Guerrero-Balaguera, P. Torino
In-Field GPU Testing Resorting to High-Level Languages |et al.
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*S4: Modeling Techniques for Test and Yield Optimization
=S8: Analog/RF Test and Calibration
*IP1: Innovative Analog Circuit Testing Technologies
*SS1: Test and Reliability Challenges of Hybrid Analog/Sensor Systems
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s4.3 [The Least-Squares Approach to Systematic Error
Identification and Calibration in Semiconductor Multisite |P. O. Farayola, et al. [lowa S.U.
Testing

sg.1 |All Digital Low-Overhead SAR ADC Built-in Self Test for

Fault Detection and Diagnosis M. Ganjj, et al. lowals:t:

$8.2 [Fast RF Mismatch Calibration Using Built-in Detectors M. Emir Avci, et al. |ASU, Tl India

58.3 [Performance Degradation Monitoring for Analog Circuits

Using Lightweight Built-in Components B. Bilgic, S. Ozev ASU

IP1.1 |Unconventional ADC Tests Can Save Your Bacon C. Mangelsdorf

1P1.2 Towards GHZ Sub-100 fs RMS On-chip Jitter Estimation

with 28nm FD-SOI Technology M. Madhvaraj, et al. TIMA

1P1.3 Fco¥g;gii§tion on Thermal Effect for High Precision Analog D. limori, et al. Gunma U., Rohm

$51.2 Testing and Characterization for Large-Scale
"~ |Programmable Analog Systems

|J. Hasler Georgia Tech.
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Exploring Model-based Failure Prediction of :
52.1 Passive Bio-Electro-Mechanical Implants D. Gulick, et al. ASU
Fault Modeling and Test Generation for Technology
52.2 Specific Defects of Skyrmion Logic Circuits Z. Zhou, et al. Auburn U.
$23 Fault-Tolerant Neuromorphic Computing with S. T. Ahmed, M. B. Karlsruhe IT.

Functional ATPG for Post-Manufacturing Recalibration  [Tahoori

Memristor-Specific Failures: New Verification Methods .
and Emerging Test Problems B.R. Biswas, 5. Gupta |USC

Methods for Testing Path Delay and Static Faults in

S3.2 RSFQ Circuits M. Li, et al. USC

Voltage Tuning for Reliable Computation in Emerging

Resistive Memories M. Mayahinia, etal.  [Karlsruhe I.T.
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MBIST-based Trim-Search Test Time Reduction for Karlsruhe I.T.,

S6.3 STT-MRAM C. Munch, et al. Siemens
. . . . . . S. Shah, U. Maryland,
SS1.1 |[Calibrating Mismatch in an ISFET with a Floating-Gate ) Blain Christen ASU
$S7.1 [STT-MRAM Technology for Embedded Applications S. Rao IMEC
SS7.2 [Reliability Challenges in STT-MRAM M. Tahoori Karlsruhe I.T.
SS7.3 |Device-Aware Test for STT-MRAM S. Hamdioui Delft U.T.
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